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•• Shallow technologiesShallow technologies

•• More NL understandingMore NL understanding

•• Hybrid approachesHybrid approaches
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Types of IE TasksTypes of IE Tasks
Extraction of ...Extraction of ...

•• TopicsTopics
•• TermsTerms
•• Named EntitiesNamed Entities
•• Simple RelationsSimple Relations
•• Complex Relations (template filling)Complex Relations (template filling)
•• Answers to adAnswers to ad--hoc questions (QA systems)hoc questions (QA systems)

•• Some tasks require the merging of information from Some tasks require the merging of information from 
different parts of a document (e.g. template merging) different parts of a document (e.g. template merging) 
and/or the fusion of information from several and/or the fusion of information from several 
documents (information fusion).documents (information fusion).
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IE Core TechnologiesIE Core Technologies

�� A wide range of technologies for information extraction has A wide range of technologies for information extraction has 
emerged. emerged. 

�� Technologies range from nonTechnologies range from non--linguistic approaches, e.g., linguistic approaches, e.g., 
methods for the exploitation of formatting and other formal methods for the exploitation of formatting and other formal 
properties of semiproperties of semi--structured documents all the way to truly structured documents all the way to truly 
linguistic approaches.linguistic approaches.
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IE Core TechnologiesIE Core Technologies

�� 8QVWUXFWXUHG�GDWD8QVWUXFWXUHG�GDWD in the sense of computer science usually in the sense of computer science usually 
exhibit a complex linguistic structure.  NLP methods are exhibit a complex linguistic structure.  NLP methods are 
employed to detect and exploit this structure.employed to detect and exploit this structure.

�� Depending on the amount of structural analysis, NLP methods Depending on the amount of structural analysis, NLP methods 
may be classified as may be classified as VKDOORZVKDOORZ or or GHHSGHHS methods.methods.

�� Whereas deep methods try to analyze most or all of the Whereas deep methods try to analyze most or all of the 
linguistic structure, shallow methods derive much less linguistic structure, shallow methods derive much less 
structure.structure.



Course: Intelligent Information Extraction

Neumann & Xu Esslli Summer School 2004

IE Core TechnologiesIE Core Technologies

�� Discrete methods are based on symbolic rules, patterns, Discrete methods are based on symbolic rules, patterns, 
principles such as rewriting rules or regular expressions.  principles such as rewriting rules or regular expressions.  

�� Nondiscrete methods are based on statistical/probabilistic Nondiscrete methods are based on statistical/probabilistic 
techniques or neural networks.techniques or neural networks.
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�� The choice of the method depends on a number of criteria.The choice of the method depends on a number of criteria.

�� Task:  what should be extracted?  (topics, names, terms, Task:  what should be extracted?  (topics, names, terms, 
relations, template fillers, answers)relations, template fillers, answers)

�� What are the performance criteria of the application? (recall, What are the performance criteria of the application? (recall, 
precision, efficiency)precision, efficiency)

�� What are the design properties of the system: maintainability, What are the design properties of the system: maintainability, 
adaptivity,  interoperability, scalability, etc?adaptivity,  interoperability, scalability, etc?
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�� Deep methods are accurate but lack efficiency and often also Deep methods are accurate but lack efficiency and often also 
coverage (recall).coverage (recall).

�� Shallow methods are generally more efficient than deep ones and Shallow methods are generally more efficient than deep ones and 
usually also often support wider coverage and therefore recall.usually also often support wider coverage and therefore recall.

�� Many discrete methods are wellMany discrete methods are well--suited for the manual design of rule suited for the manual design of rule 
or pattern sets. or pattern sets. 

�� NonNon--discrete methods offer the advantage of modelling soft discrete methods offer the advantage of modelling soft 
regularieties,   especially the weighted contributions of severaregularieties,   especially the weighted contributions of several factors l factors 
to classification decisions.  For many nonto classification decisions.  For many non--discrete methods, very discrete methods, very 
effective machineeffective machine--learning schemes exist, supporting adaptivity  and learning schemes exist, supporting adaptivity  and 
scalability.scalability.
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Shallow NLPShallow NLP
•• Shallow NLPShallow NLP

•• CoarseCoarse--grained linguistic analysis tailored to a specific grained linguistic analysis tailored to a specific 
domaindomain

•• Less structureLess structure
•• Direct mapping from linguistic to domain structureDirect mapping from linguistic to domain structure

•• Widely used approachWidely used approach
•• BottomBottom--up, chunk recognition (named entities, NP, verb up, chunk recognition (named entities, NP, verb 

groups)groups)
•• Template filling on basis of domainTemplate filling on basis of domain--specific verbspecific verb--frames or frames or 

other patternsother patterns
Bridgestone Sports Co. said Friday it had set up a joint venture in Taiwan with
a Japanese trading house to produce golf clubs to be supplied to Japan.

[COMPANY][SET-UP][JOINT-VENTURE] (others)* with[COMPANY]

5HFRJQL]HG�DV�D�MRLQW�YHQWXUH�HYHQW�E\�DSSO\LQJ�WHPSODWH�SDWWHUQ
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Shallow TechniquesShallow Techniques

•• Use of finite state transducers which map from Use of finite state transducers which map from 
surface form to IE relevant concepts and relationssurface form to IE relevant concepts and relations

•• Systems and platformsSystems and platforms
•• SRI TechnologiesSRI Technologies

•• FASTUSFASTUS

•• SheffieldSheffield
•• GATEGATE

•• DFKI IE core technologiesDFKI IE core technologies
•• IE from realIE from real--world German free textsworld German free texts

•• SPROUTSPROUT
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Why Finite State Technology?Why Finite State Technology?

• most of the relevant local phenomena can be easily 
expressed as finite-state devices

• time & space efficiency

• existence of efficient determinization, minimization 
and optimization transformations

• there exist much more powerful formalisms like 
context free grammars or unification grammars, but 
application developers prefer more pragmatic 
solutions
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').,�)LQLWH').,�)LQLWH��6WDWH�7RROV�2YHUYLHZ6WDWH�7RROV�2YHUYLHZ

• efficiency-oriented implementation

• architecture and functionality is mainly based on the tools developed by 
AT&T

•representation: textual format vs. compressed binary format

0    1.0
-----------------------
0    1    a    b    1.0
0    2    a    c    2.0
-----------------------
1    3.0

2    4.0

• most of the provided operations are based on recent approaches
(Mohri, Pereira, Roche, Schabes)



Course: Intelligent Information Extraction

Neumann & Xu Esslli Summer School 2004

• operations are divided into four main pools:

converting operations:

- converting textual representation into binary format and vice versa
- creating graph representation for FSMs, etc.

rational and combination operations:

- union - concatenation - closure - local extension
- reversion - intersection - inversion - composition

equivalence transformations:

- determinization - bunch of minimization algorithms
- epsilon removal - trimming 

other:

- extending input/output alphabet - determinicity test
- collecting arcs with identical labels - information about an FSM

').,�)LQLWH').,�)LQLWH��6WDWH�7RROV�2YHUYLHZ6WDWH�7RROV�2YHUYLHZ
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').,�)LQLWH').,�)LQLWH��6WDWH�7RROV�([DPSOHV6WDWH�7RROV�([DPSOHV

• Keywords Recognition - Automata Search
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').,�)LQLWH').,�)LQLWH��6WDWH�7RROV�([DPSOHV6WDWH�7RROV�([DPSOHV

• Keywords Recognition - Deterministic Search
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').,�)LQLWH').,�)LQLWH��6WDWH�7RROV�([DPSOHV6WDWH�7RROV�([DPSOHV

• Keywords Recognition - Minimal Deterministic Search
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').,�)LQLWH').,�)LQLWH��6WDWH�7RROV�([DPSOHV6WDWH�7RROV�([DPSOHV

• contextual PART-of-SPEECH filtering rule:

if the previous word form is a GHWHUPLQHU and the next word form is a 
QRXQ then

filter out the YHUE�UHDGLQJ�

example:  ... die bekannten Bilder .... („WKH�NQRZQ�SLFWXUHV³)
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Traditional IE ArchitectureTraditional IE Architecture

Tokenization

Morphological and 
Lexical Processing

Parsing

Discourse Analysis

Text Sectionizing and
Filtering

Part of Speech Tagging
Word Sense Tagging

Fragment Processing
Fragment Combination

Scenario Pattern Matching

Coreference Resolution 
Inference

Template Merging

L
ocal T

ext A
nalysis
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FASTUSFASTUS

•• Acronym for Acronym for )LQLWH�6WDWH�$XWRPDWRQ�7H[W�8QGHUVWDQGLQJ�)LQLWH�6WDWH�$XWRPDWRQ�7H[W�8QGHUVWDQGLQJ�

6\VWHP6\VWHP

•• Developed in SRI International, Menlo Park, CaliforniaDeveloped in SRI International, Menlo Park, California
•• Joined MUCJoined MUC--4 (92), MUC4 (92), MUC--5 (93), MUC5 (93), MUC--6 (95), MUC6 (95), MUC--7 7 

(97)(97)
•• English and JapaneseEnglish and Japanese
•• Inspired by Inspired by 

•• the performance in MUCthe performance in MUC--3 that the group at the University of 3 that the group at the University of 

Massachusetts got out of a simple system [Massachusetts got out of a simple system [Lehnert Lehnert et al., 1991]et al., 1991]

•• Pereira’s work on finitePereira’s work on finite--state approximations of grammars state approximations of grammars 

[Pereira, 1990][Pereira, 1990]

•• Works as  a set of cascaded and Works as  a set of cascaded and nondeterministicnondeterministic finitefinite--
state automatastate automata
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FASTUS ArchitectureFASTUS Architecture

Complex Words
(Tokenization)

Text

Basic Phrases

Complex Phrases

Merging Structures
(discourse analysis)

Domain Event 
Patterns

Recognizing Phrases

MRLQW�YHQWXUH��VHW�XS�

%ULGJVWRQH�6SRUWV�7DLZDQ�&R

QRXQ�JURXSV:  D�ORFDO�FRQFHUQ

YHUE�JURXSV:  KDG�VHW�XS

DSSRVLWLYH�DWWDFKPHQW: 3HWHU��WKH�GLUHFWRU

SS�DWWDFKPHQW: SURGXFWLRQ�RI�LURQ�DQG�ZRRG

(parsing)
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Example of Phrase RecognitionExample of Phrase Recognition

Salvadoran President-elect Afredo Cristiani condemned
the terrorist killing of Attorney General Roberto Garcia 
Alvarado and accused the Farabundo Marti National 
Liberation Front (FMLN) of the crime

1RXQ�*URXS�� 6DOYDGRUDQ�3UHVLGHQW�HOHFW

1DPH�� $OIUHGR�&ULVWLDQL

9HUE�*URXS� FRQGHPQHG

1RXQ�*URXS� WKH�WHUURULVW�NLOOLQJ

3UHSRVLWLRQ� RI

1RXQ�*URXS� $WWRUQH\�*HQHUDO

1DPH� 5REHUWR�*DUHLD�$OYDUDGR

&RQMXQFWLRQ� DQG

9HUE�*URXS� DFFXVHG

1RXQ�*URXS� WKH�)DUDEXQGR�0DUWL�1DWLRQDO�/LEHUDWLRQ�)URQW��)0/1�

3UHSRVLWLRQ� RI

1RXQ�*URXS� WKH�FULPH
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Example of Domain Event Pattern RecognitionExample of Domain Event Pattern Recognition

[Salvadoran President[Salvadoran President--elect Afredoelect Afredo Cristiani]Cristiani]22 condemned condemned 
[the terrorist[the terrorist killing ofkilling of Attorney General Roberto Garcia Attorney General Roberto Garcia 
Alvarado]Alvarado]11 andand [[accusedaccused the Farabundo Marti National the Farabundo Marti National 
Liberation Front (FMLN)Liberation Front (FMLN) of of crime]crime]22

7ZR�SDWWHUQV�DUH�UHFRJQL]HG�

�� �3HUSHWUDWRU!�NLOOLQJ�RI���+XPDQ7DUJHW!

�� �*RYW2IILFLDO!�DFFXVHG��3HUS2UJ!�RI��,QFLGHQW!

7ZR�LQFLGHQW�VWUXFWXUHV�DUH�FRQVWUXFWHG�

,QFLGHQW�� .,//,1*

3HUSHWUDWRU� ÄWHUURULVW³

&RQILGHQFH� BB

+XPDQ�7DUJHW�� Ä5REHUWR�*DUFLD�$OYDUDGR³

,QFLGHQW�� .,//,1*

3HUSHWUDWRU� )0/1

&RQILGHQFH� $FFXVHG�E\�$XWKRULWLHV

+XPDQ�7DUJHW�� BB
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“pseudo“pseudo--syntax”syntax”
�� The material between the end of the subject noun group The material between the end of the subject noun group 

and the beginning of the main verb group must be read and the beginning of the main verb group must be read 
over, for example,over, for example,

99 Read over prepositional phrases and relative clausesRead over prepositional phrases and relative clauses

1.1. Subject {Preposition NounGroup}* VerbGroupSubject {Preposition NounGroup}* VerbGroup
2.2. Subject Relpro {NounGroup | Other }* VerbGroupSubject Relpro {NounGroup | Other }* VerbGroup

The mayor, who was kidnapped yesterday, was found dead todayThe mayor, who was kidnapped yesterday, was found dead today..

�� Conjoined verb phrase, skipping over the first conjunct and Conjoined verb phrase, skipping over the first conjunct and 
associate the subject with the verb group in the second associate the subject with the verb group in the second 
conjunctconjunct

Subject VerbGroup {NounGroup|Other}* Conjunction VerbGroupSubject VerbGroup {NounGroup|Other}* Conjunction VerbGroup
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Problem of “pseudoProblem of “pseudo--syntax” syntax” 

�� 6DPH�VHPDQWLF�FRQWHQW�FDQ�EH�UHDOL]HG�LQ�GLIIHUHQW�6DPH�VHPDQWLF�FRQWHQW�FDQ�EH�UHDOL]HG�LQ�GLIIHUHQW�

IRUPV�IRUPV�
*0�PDQXIDFWXUHV�FDUV�*0�PDQXIDFWXUHV�FDUV�

&DUV�DUH�PDQXIDFWXUHG�E\�*0�&DUV�DUH�PDQXIDFWXUHG�E\�*0�

����*0��ZKLFK�PDQXIDFWXUHV�FDUV��������*0��ZKLFK�PDQXIDFWXUHV�FDUV����

����FDUV��ZKLFK�DUH�PDQXIDFWXUHG�E\�*0��������FDUV��ZKLFK�DUH�PDQXIDFWXUHG�E\�*0����

����FDUV�PDQXIDFWXUHG�E\�*0��������FDUV�PDQXIDFWXUHG�E\�*0����

*0�LV�WR�PDQXIDFWXUH�FDUV�*0�LV�WR�PDQXIDFWXUH�FDUV�

&DUV�DUH�WR�EH�PDQXIDFWXUHG�E\�*0�&DUV�DUH�WR�EH�PDQXIDFWXUHG�E\�*0�

*0�LV�D�FDU�PDQXIDFWXUHU�*0�LV�D�FDU�PDQXIDFWXUHU�

�� 4XHVWLRQ��+RZ�PDQ\�UXOHV�DUH�QHHGHG�WR�H[WUDFW�DOO�4XHVWLRQ��+RZ�PDQ\�UXOHV�DUH�QHHGHG�WR�H[WUDFW�DOO�

UHOHYDQW�SDWWHUQV"�:K\�QRW�XVLQJ�D�OLQJXLVWLF�WKHRU\"UHOHYDQW�SDWWHUQV"�:K\�QRW�XVLQJ�D�OLQJXLVWLF�WKHRU\"
•• 3HUIRUPDQFH�YV��&RPSRWHQFH3HUIRUPDQFH�YV��&RPSRWHQFH

•• 7$&,786�����KRXUV�WR�SURFHVV�����0HVVDJHV7$&,786�����KRXUV�WR�SURFHVV�����0HVVDJHV

•• )$6786�����PLQXWHV�WR�SURFHVV�����PHVVDJHV)$6786�����PLQXWHV�WR�SURFHVV�����PHVVDJHV
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Example of Template MergingExample of Template Merging

Salvadoran PresidentSalvadoran President--elect Afredo Cristiani condemned elect Afredo Cristiani condemned the the 
terroristterrorist killing ofkilling of Attorney General Roberto Garcia AlvaradoAttorney General Roberto Garcia Alvarado
andand accused accused the Farabundo Marti National Liberation Front the Farabundo Marti National Liberation Front 
(FMLN)(FMLN) of of crimecrime

Incident: KILLING
Perpetrator: „terrorist“
Confidence: __
Human Target: „Roberto Garcia Alvarado

Incident: KILLING
Perpetrator: FMLN
Confidence: Accused by Authorities
Human Target: __

Incident: KILLING
Perpetrator: FMLN
Confidence: Accused by Authorities
Human Target: „Roberto Garcia Alvarado

Two incident structures are merged asTwo incident structures are merged as
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• $Q�DUFKLWHFWXUH

A macro-level organisational picture for LE software systems. 

• $�IUDPHZRUN

For programmers, GATE is an object-oriented class library that implements 
the architecture. 

• $�GHYHORSPHQW�HQYLURQPHQW

For language engineers, computational linguists et al, GATE is a graphical 
development environment bundled with a set of tools for doing e.g. 
Information Extraction. 

• 6RPH�IUHH�FRPSRQHQWV��� ...and wrappers for other people's components

• 7RROV for: evaluation; visualise/edit; persistence; IR; IE; dialogue;
ontologies; etc.

• )UHH software (LGPL). Download at http://gate.ac.uk/download/

*$7( ² D�*HQHUDO�$UFKLWHFWXUH�IRU�7H[W (QJLQHHULQJ
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DFKI IE Core TechnologiesDFKI IE Core Technologies
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Information Extraction from Information Extraction from 
realreal--world German textworld German text

SMESSMES
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Domain Adaptive IE ArchitectureDomain Adaptive IE Architecture

• systematic treatment of domain-
independent and domain-specific 
knowledge
• robust and fast shallow text 

processor (mildly deep -)
• abstract level of linking 

between linguistic and domain 
knowledge

0$,1�*2$/6

6KDOORZ

7H[W�

3URFHVVRU

7H[W

7HPSODWH

*HQHUDWLRQ�

8)'

,QVWDQWLDWHG7HPSODWHV

'RPDLQ

.QRZOHGJH�

�RQWRORJ\�	

OH[LFRQ�

,(�FRUH�6\VWHP
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underspecified (partial)  functional descriptions underspecified (partial)  functional descriptions 
UFDsUFDs

[PNDie Siemens GmbH] [Vhat] [year1988][NPeinen Gewinn] [PPvon 150 Millionen DM], 

[Compweil] [NPdie Auftraege] [PPim Vergleich] [PPzum Vorjahr] [Cardum 13%] [Vgestiegen 
sind].
³7KH�VLHPHQV�FRPSDQ\�KDV�PDGH�D�UHYHQXH�RI�����PLOOLRQ�PDUNV�LQ�������VLQFH�WKH�

RUGHUV�LQFUHDVHG�E\�����FRPSDUHG�WR�ODVW�\HDU�´

hat

2EM

Gewinn

weil

steigen

Auftrag

33V

{1988, von(150M)}

6XEM

8)': 
IODW�GHSHQGHQF\�EDVHG�VWUXFWXUH��RQO\�XSSHU�ERXQGV�IRU�DWWDFKPHQW�DQG�VFRSLQJ

6XEM

Siemens

{im(Vergleich),zum(Vorjahr),um(13%)}

33V

6&

&RPS
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Major Shallow ComponentsMajor Shallow Components

•• C++ Toolkit for C++ Toolkit for weightedweighted finite state finite state transducerstransducers (WFST)(WFST)
•• e.g., determination, minimization, concatenation, local extensioe.g., determination, minimization, concatenation, local extension n 

(following advanced approaches developed at AT&T, Xerox)(following advanced approaches developed at AT&T, Xerox)

•• compact and efficient internal representationscompact and efficient internal representations

•• Dynamic tries for lexical & morphological processingDynamic tries for lexical & morphological processing
•• recursive traversal (e.g., for compound & derivation analysis)recursive traversal (e.g., for compound & derivation analysis)

•• robust retrieval (e.g., shortest/longest suffix/prefix)robust retrieval (e.g., shortest/longest suffix/prefix)

•• Parameterizable XMLParameterizable XML--output interfaceoutput interface

•• Both tools are portable across different platforms (Unix & Both tools are portable across different platforms (Unix & 
Linux & Windows NT)Linux & Windows NT)
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UXQG����ELV����3UR]HQW��SHUFHQWDJH�13

ELV��SUHS

���FODVVHV

��������ZRUG�IRUPV

RQ�OLQH�FRPSRXQGV

K\SKHQ�FRRUGLQDWLRQ

2YHU�����5XOHV��DOVR�%ULOOµV�7%/���

6FKDEHV�	�5RFKH�DSSURDFK

���VXEJUDPPDUV

G\QDPLF�OH[LFRQ

UHIHUHQFH�UHVROXWLRQ

'LYLGH�DQG�&RQTXHU�FKXQN�SDUVHU

*HQHULF�13V��33V��9*V

ASCII
Documents

7RNHQL]HU

/H[LFDO�3URFHVVRU

326�)LOWHULQJ

1DPHG�(QWLW\�)LQGHU

3KUDVH�5HFRJQL]HU

&ODXVH�5HFRJQL]HU

;0/�2XWSXW�,QWHUIDFH

/LQJXLVWLF

.QRZOHGJH

3RRO

XML
Documents

UXQG��ORZ�Z

���������LQW

(;$03/(��UXQG����ELV����3UR]HQW�GHU�6WHLJHUXQJVUDWH

�DERXW����WR����SHUFHQW�JURZWK�UDWH�

SDUDPHWUL]DEOH

7H[W�&KDUW

)LQLWH�VWDWH

WHFKQRORJ\

GRPDLQ�LQGHSHQGHQW�VKDOORZ�WH[W�SURFHVVLQJ�FRPSRQHQWV

6WHLJHUXQJVUDWH��VWHLJHUXQJ�>V@�UDWH

ELV��SUHS_DGY

UXQG����ELV����3UR]HQW��13

GHU�6WHLJHUXQJVUDWH������13
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7RNHQL]HU

• The goal of the TOKENIZER is to:

- map sequences of consecutive characters into word-like units (WRNHQV)
- identify the type of each token disregarding the context
- performing word segmentation when necessary (e.g., splitting

contractions into multiple tokens if necessary)

• overall more than 50 classes (proved to simplify processing on higher stages) 

- NUMBER_WORD_COMPOUND (“��HU”)
- ABBREVIATION (CANDIDATE_FOR_ABBREVIATION),
- COMPLEX_COMPOUND_FIRST_CAPITAL („$7	7�&KLHI“)
- COMPLEX_COMPOUND_FIRST_LOWER_DASH („Gµ,WDOLD�&KHIV�³�

• represented as single WFSA (406 KB)
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/H[LFDO�3URFHVVRU

• Tasks of the LEXICAL PROCESSOR:

- retrieval of lexical information
- recognition of FRPSRXQGV („Autoradiozubehör“ - FDU�UDGLR�HTXLSPHQW)
- K\SKHQ�FRRUGLQDWLRQ („Leder-, Glas-, Holz- und Kunstoffbranche“  

OHDWKHU��JODVV��ZRRGHQ�DQG�V\QWKHWLF�PDWHULDOV�LQGXVWU\�

• lexicon contains currently more than 700 000 German full-form words (tries)

• each reading represented as triple <STEM,INFLECTION,POS>

example: „wagen“ (WR�GDUH vs. D�FDU)

STEM: „wag“
INFL: (GENDER: m,CASE: nom, NUMBER: sg)

(GENDER: m,CASE: akk, NUMBER: sg)
(GENDER: m,CASE: dat, NUMBER: sg)
(GENDER: m,CASE: nom, NUMBER: pl)
(GENDER: m,CASE: akk, NUMBER: pl)
(GENDER: m,CASE: dat, NUMBER: pl)
(GENDER: m,CASE: gen, NUMBER: pl)

POS:  noun

STEM: „wag“
INFL: (FORM: infin)

(TENSE: pres, PERSON: anrede, NUMBER: sg)
(TENSE: pres, PERSON: anrede, NUMBER: pl)
(TENSE: pres, PERSON: 1, NUMBER: pl)
(TENSE: pres, PERSON: 3, NUMBER: pl)
(TENSE: subjunct-1, PERSON: anrede, 

NUMBER: sg)
(TENSE: subjunct-1, PERSON: anrede, 

NUMBER: pl)
(TENSE: subjunct-1, PERSON: 1, NUMBER: pl)
(TENSE: subjunct-1, PERSON: 3, NUMBER: pl)
(FORM: imp, PERSON: anrede) 

POS: verb
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3DUW�RI�6SHHFK�)LOWHULQJ

• The task of POS FILTER is to filter out unplausible readings of ambiguous
word forms

• large amount of German word forms are ambiguous (20% in test corpus)

• contextual filtering rules (ca. 100)

- example: 

Ä6LH�EHNDQQWHQ��GLH�EHNDQQWHQ %LOGHU�JHVWRKOHQ�]X�KDEHQ³

7KH\�FRQIHVVHG�WKH\�KDYH�VWROHQ�WKH�IDPRXV�SLFWXUHV

ÄEHNDQQWHQ³�� WR�FRQIHVV YV��IDPRXV

FILTERING RULE: if the previous word form is determiner and the next
word form is a noun then filter out the verb reading of the current word 

form

• supplementary rules determined by Brill‘s tagger in order to achieve broader
coverage

• rules represented as FSTs, hard-coded rules (filtering out rare readings)
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1DPHG�(QWLW\�)LQGHU

• The task of the NAMED ENTITY FINDER is the identification of: 

- entities: organizations, persons, locations
- temporal expressions:  time, date
- quantities:  monetary values, percentages, numbers

• Identification in two steps:  

- recognition patterns expressed as WFSA are used to identify phrases containing
potential candidates for named entities

- additional constraints (depending on the type of a candidate) are used for
validating the candidates and an appropriate extraction rule is applied in order
to recover the named entity

H[DPSOH: „von knapp neun Milliarden auf über 43 Milliarden Spanische Pesetas“
IURP�DOPRVW�QLQH�ELOOLRQV�WR�PRUH�WKDQ����ELOOLRQV�VSDQLVK SHVHWDV

TYPE: monetary
SUBTYPE: monetary-prepositional-phrase

• Longest match strategy    

SPPC - 26
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1DPHG�(QWLW\�)LQGHU��FRQW��

• Arcs of the WFSAs are predicates on lexical items:

(a) 675,1*��V, holds if the surface string mapped by current lexical item is of the form V
(b) 67(0��V,  holds if: the current lexical item has a preferred reading with stem V�or the 

current lexical item does not have preferred reading, but at least one 
reading with stem V

(c) 72.(1��[, holds if the token type of the surface string mapped by current lexical  
´            item is [

• Example: simple automaton for recognition of company names

additional constraint: disallow determiner reading for the first word
candidate: „Die Braun GmbH & Co.“ extracted: „Braun GmbH & Co.“

SPPC - 27
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1DPHG�(QWLW\�)LQGHU��FRQW��

• Additional lexica  for geographical names, first names (persons) and company
names compiled as WFSA (new token classes)

• Named entities may appear without designators (companies, persons)

• Dynamic lexicon for storing named entities without designators

• Candidates for named entities, example:

'D IO�FKWHQ�VLFK GLH�HLQHQ LQV�$XVODQG��ZLH�HWZD�GHU�0�QFKQHU

6WULFNZDUHQKHUVWHOOHU�0lU] *PE+ RGHU�GHU�EDGLVFKH�6WUXPSIIDEULNDQW $UOLQJWRQ

6RFNV��*PE+��$E�NRPPHQGHP�-DKU�VWULFNW�0lU] NQDSS�GUHL�9LHUWHO�VHLQHU

3URGXNWLRQ LQ�8QJDUQ.

• Resolution of type ambiguity using the dynamic lexicon:
if an expression can be a person name or company name (0DUWLQ�0DULHWWD�&RUS.)
then use type of last entry inserted into dynamic lexicon for making decision

SPPC - 28



Course: Intelligent Information Extraction

Neumann & Xu Esslli Summer School 2004

Performance of Performance of 
Shallow Text Processing for GermanShallow Text Processing for German

•• %DVLV%DVLV
corpus of German business magazine „Wirtschaftswoche“ (1,2MB, 19corpus of German business magazine „Wirtschaftswoche“ (1,2MB, 197118 tokens)7118 tokens)

•• 3HUIRUPDQFH3HUIRUPDQFH
~32sec. ( ~6160 wrds/sec; PentiumIII, 500MHz, 128Ram)~32sec. ( ~6160 wrds/sec; PentiumIII, 500MHz, 128Ram)

•• (YDOXDWLRQ(YDOXDWLRQ (20.000 tokens) (20.000 tokens) 5HFDOO5HFDOO PrecisionPrecision
•• compound analysis:compound analysis: 98.53% 98.53% 99.29%99.29%

•• partpart--ofof--speechspeech--filterung: filterung: 74.50%74.50% 96.36%96.36%

•• Named entity (including NE reference resolution; all 85% R, 95.7Named entity (including NE reference resolution; all 85% R, 95.77% P)7% P)
•• person names: person names: 81.27%81.27% 95.92%95.92%
•• companies:companies: 67.34%67.34% 96.69%96.69%
•• locations:locations: 75.11%75.11% 88.20%88.20%
•• total:total: 73.94%73.94% 94.10%94.10%

•• fragments (NPs, PPs): fragments (NPs, PPs): 76.11%76.11% 91.94%91.94%
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chunk parsing strategies for the improvment of  chunk parsing strategies for the improvment of  
robustness and coverage on the sentence levelrobustness and coverage on the sentence level

Phrase 
recognition

Text (morph. analysed)

Clause 
recognition

Stream of phrases

Stream of sentences

&XUUHQW��FKXQN�SDUVHU

bottom-up:
first phrases and then sentence structure

main problem: 
even recognition of simple sentence structure depends on 
performance of phrase recognition

example: 
- complex NP (QRPLQDOL]DWLRQ�VW\OH)
- relative pronouns

>'LH�YRP�%XQGHVJHULFKWVKRI�XQG�GHQ�:HWWEHZHUEHUQ�DOV�

9HUVWRVV�JHJHQ�GDV�.DUWHOOYHUERW�JHJHLVVHOWH�]HQWUDOH�79�

9HUPDUNWXQJ@ LVW�JlQJLJH�3UD[LV�

(>FHQWUDO�WHOHYLVLRQ�PDUNHWLQJ�FHQVXUHG�E\�WKH�*HUPDQ�

)HGHUDO�+LJK�&RXUW�DQG�WKH�JXDUGV�DJDLQVW�XQIDLU�FRPSHWLWLRQ�

DV�DQ�DFW�RI�FRQWHPSW�DJDLQVW�WKH�FDUWHO�EDQ@ LV�FRPPRQ�

SUDFWLFH)

grammatical 
fct. recognition
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first compute topological structure of sentence
second apply phrase recognition to the fields

[ � � �� � [ � �� � 'LHVH�$QJDEHQ�NRQQWH�GHU�

%XQGHVJUHQ]VFKXW]�DEHU�QLFKW�EHVWlWLJHQ]��[ � �� �

.LQNHO�VSUDFK�YRQ�+RUURU]DKOHQ��[� � � � � GHQHQ�HU�

NHLQHQ�*ODXEHQ�VFKHQNH]].
�7KLV�LQIRUPDWLRQ�FRXOGQµW�EH�YHULILHG�E\�WKH�%RUGHU�3ROLFH��

.LQNHO�VSRNH�RI�KRUULEOH�ILJXUHV�WKDW�KH�GLGQµW�EHOLHYH��

(YDOXDWLRQ

400 sentences (6306 words)
Verb groups: 98.59% F
Clause struct.: 91.62% F

All components: 87.14% F

�PRUH�GHWDLOV�LQ�0DVWHU�WKHVLV�RI�&��%UDXQ�DQG

1HXPDQQ%UDXQ3LVNRUVNL�$1/3���

A new chunk parserA new chunk parser
'LYLGH�DQG�FRQTXHU�VWUDWHJ\

Field
Recognizer

Phrase
Recognizer

Gramm.
Functions

Text (morph. analysed)

topological structures

Fct. descriptions

sentence structures
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The divide-and-conquer parser: a series of 
finite state grammars

6WUHDP�RI�PRUSK�V\Q��ZRUGV�

	�1DPHG�(QWLWLHV

9HUE�*URXSV

%DVH�&ODXVHV

&ODXVH�&RPELQDWLRQ

0DLQ�&ODXVHV

7RSRORJLFDO�6WUXFWXUH

3KUDVH�5HFRJQLWLRQ

8QGHUVSHFLILHG�GHSHQGHQF\�WUHHV�

Weil die Siemens GmbH, die vom Export lebt, Verluste 
erlitt, mußte sie Aktien verkaufen.

%HFDXVH�WKH�6LHPHQV�&RUS�ZKLFK�VWURQJO\�GHSHQGV�RQ�

H[SRUWV�VXIIHUHG�IURP�ORVVHV�WKH\�KDG�WR�VHOO�VRPH�VKDUHV�

Weil die Siemens GmbH, die vom Export Verb-FIN, Verluste Verb-
FIN, Modv-FIN sie Aktien FV-Inf.

Weil die Siemens GmbH, Rel-Clause Verluste Verb-FIN, 
Modv-FIN sie Aktien FV-Inf.

Subconj-Clause,
Modv-FIN sie Aktien FV-Inf.

Clause
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$GYDQFHG�0XOWLOLQJXDO�,QIRUPDWLRQ�([WUDFWLRQ�ZLWK�

63UR87
±

6KDOORZ�3URFHVVLQJ�ZLWK�8QLILFDWLRQ�DQG�7\SHG�)HDWXUH�6WUXFWXUHV
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0RWLYDWLRQ�IRU�63UR87

• RQH�SODWIRUP�IRU�GHYHORSPHQW�RI�PXOWLOLQJXDO�673�V\VWHPV

• GHYHORSPHQW�	�WHVWLQJ�HQYLURQPHQW�IRU�UHVRXUFHV

• ZHOO�GRFXPHQWHG�SURJUDPPLQJ�$3,

• IOH[LEOH�LQWHUIDFH�WR�GLIIHUHQW�SURFHVVLQJ�PRGXOHV

• 7)6V DV�DEVWUDFW�LQWHUFKDQJH�IRUPDW

• ;0/�EDVHG�UHSUHVHQWDWLRQ

• ILQG�JRRG�WUDGH�RII�EHWZHHQ�HIILFLHQF\�DQG�H[SUHVVLYHQHVV

• ZRUG�EDVHG�ILQLWH�VWDWH�GHYLFHV

• W\SHG�XQLILFDWLRQ�EDVHG�JUDPPDUV
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63UR87 � ;7'/�)RUPDOLVP

Æ &RPELQHV�W\SHG�IHDWXUH�VWUXFWXUHV��7)6��DQG�UHJXODU�H[SUHVVLRQV�

LQFOXGLQJ

FRUHIHUHQFHV DQG�IXQFWLRQDO�DSSOLFDWLRQ

Æ ;7'/�JUDPPDU�UXOHV�± SURGXFWLRQ�SDUW�RQ�/+6��DQG�RXWSXW�

GHVFULSWLRQ�RQ�5+6

Æ &RXSOH�RI�VWDQGDUG�UHJXODU�RSHUDWRUV��

FRQFDWHQDWLRQ RSWLRQDOLW\ "

GLVMXQFWLRQ _ .OHHQH VWDU 


.OHHQH SOXV � Q�IROG�UHSHWLWLRQ ^Q`

P�Q�VSDQ�UHSHWLWLRQ ^P�Q` QHJDWLRQ��������������a
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),1,7(),1,7(��67$7(67$7(

0$&+,1(0$&+,1(

722/.,7722/.,7
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,17(535(7(5,17(535(7(5

5(*8/$55(*8/$5

&203,/(5&203,/(5

;7'/;7'/

*5$00$5*5$00$5
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� �
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6758&785('6758&785('
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63UR87 $UFKLWHFWXUH
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SS��!�PRUSK�	�>326�3UHS��685)$&(��SUHS��,1)/�>&$6(��F@@�

PRUSK�	�>326�'HW��,1)/�>&$6(��F��180%(5��Q��*(1'(5��J@@�"

PRUSK�	�>326�$GMHFWLYH�,1)/�>&$6(��F��180%(5��Q��*(1'(5��J@@�


PRUSK�	�>326�QRXQ��685)$&(��QRXQB��

,1)/�>&$6(��F��180%(5��Q��*(1'(5��J@@

PRUSK�	�>326�QRXQ��685)$&(��QRXQB��

,1)/�>&$6(��F��180%(5��Q��*(1'(5��J@@�"

�!�SKUDVH�	�>&$7�SS�

35(3��SUHS

$*5�DJU 	�>&$6(��F��180%(5��Q��*(1'(5��J@�

&25(B13��FRUHBQS@�

ZKHUH��FRUHBQS  �$SSHQG��QRXQB��´�³��QRXQB���

63UR87 � ;7'/�)RUPDOLVP
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63UR87 � ;7'/�*UDPPDU�3URFHVVLQJ

Æ 7KUHH�VWHS�SURFHVVLQJ

� 0DWFKLQJ�RI�UHJXODU�SDWWHUQV�XVLQJ XQLILDELOLW\ �/+6�

� 5XOH�LQVWDQFH�FUHDWLRQ

� 8QLILFDWLRQ�RI�WKH�UXOH�LQVWDQFH�DQG�PDWFKHG�LQSXW�VWUHDP

Æ /RQJHVW�PDWFK�VWUDWHJ\

Æ $PELJXLWLHV�DOORZHG

Æ 2SWLPL]DWLRQ�WHFKQLTXHV

� 3UREOHP��7)6V�WUHDWHG�DV�V\PEROLF�YDOXHV�E\�)60�7RRONLW

� 6RUWLQJ�RXWJRLQJ�WUDQVLWLRQV�IURP�VHOHFWHG VWDWHV �WUDQVLWLRQ�

KLHUDUFK\�XQGHU

VXEVXPSWLRQ�

Æ 5XOH�SULRULWL]DWLRQ

Æ 2XWSXW�PHUJLQJ
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63UR87�� 3URFHVVLQJ�5HVRXUFHV

Æ 7RNHQL]DWLRQ

� )LQH�JUDLQHG�WRNHQ�FODVVLILFDWLRQ��RYHU����FODVVHV�

� 'RPDLQ�DQG�ODQJXDJH�VSHFLILF�WRNHQ�VXEFODVVLILFDWLRQ

� 7RNHQ�SRVWVHJPHQWDWLRQ

� 6XSSRUWV�DOPRVW�DOO�(XURSHDQ�FKDUDFWHU�VHWV

� 0LQRU�DGMXVWPHQWV�QHFHVVDU\�ZKLOH�SRUWLQJ�WR�QHZ�ODQJXDJH

H�J��ZRUGBZLWKBDSRVWURSKH�FODVV���LW¶V��!�LW�����µ����V

� � �� �















city_sufix :SUBTYPE

tal_wordfirst_capi :TYPE

Berlin"" :SURFACE
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63UR87�� 3URFHVVLQJ�5HVRXUFHV

Æ 0RUSKRORJ\

� )XOO�IRUP�OH[LFD��0PRUSK��YV��H[WHUQDO�PRUSKRORJ\�FRPSRQHQWV

� 2Q�OLQH�VKDOORZ�FRPSRXQG�UHFRJQLWLRQ

� &XUUHQW�FRYHUDJH

/DQJXDJH &RYHUDJH ([WUDV

(QJOLVK �������

*HUPDQ ������� FRPSRXQG�UHFRJQLWLRQ
)UHQFK �������

'XWFK ������� FRPSRXQG�UHFRJQLWLRQ

,WDOLDQ �������

6SDQLVK �������

3ROLVK ��������OH[HPHV

�FD����0LO��ZRUG�IRUPV�

&]HFK ������� 0RUSK��'LVDPELJXDWLRQ

-DSDQHVHVH FD������)�PHDVXUH :RUG�VHJPHQWDWLRQ���326BWDJJHU
&KLQHVH :RUG�VHJPHQWDWLRQ���326BWDJJHU
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63UR87�� 3URFHVVLQJ�5HVRXUFHV

Æ *D]HWWHHU

� $OORZV�IRU�DVVRFLDWLQJ�HQWULHV�ZLWK�D�OLVW�RI�DUELWUDU\�DWWULEXWH�YDOXH�

SDLUV

$UJHQW\Q\�_�*$=B7<3(��FRXQWU\�_�&21&(37��$UJHQW\QD�_�)8//B1$0(��

5HSXEOLND�$UJHQW\Q\

_�&$6(��JHQLWLYH�_�&$3,7$/��%XHQRV�$LUHV�_�FRQWLQHQW������

� 0XOWLSOH�UHDGLQJV

� 5HXVDJH�RI�DYDLODEOH�UHVRXUFHV�DFURVV�ODQJXDJHV

�� � � � � � ��

� � � � � � � �� 
























on_cityc_washingt :CONCEPT

gaz_city :TYPE

"Washington" :SURFACE

,
egaz_surnam :TYPE

"Washington" :SURFACE

�� � 	 
 
 	 	�















on_statec_washingt :CONCEPT

gaz_state :TYPE

"Washington" :SURFACE
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63UR87�� 3URFHVVLQJ�5HVRXUFHV

Æ 5HIHUHQFH�0DWFKHU

� )LQGV�LGHQWLW\�UHODWLRQ�EHWZHHQ�UHFRJQL]HG�HQWLWLHV�DQG�XQFRQVXPHG�

WH[W

IUDJPHQWV

«��&(2�3URI��'U��0DUWLQ�0DULHWWD PHQWLRQHG�QHZ�WDNH�RYHU««««

««««««««««««««««««««««««««««««�

«««««0DUWLQ�0DULHWWD�*PE+�SODQV�WR«««««««««««�

««««««««««««««««««««««««««««««

«««««««�0DULHWWD VDLG�««««««««««««««««���

� *UDPPDULDQV�GHILQH�KRZ�YDULDQWV�DUH�EXLOW

� 3DUDPHWUL]DEOH�&RQWH[WXDO�)UDPH

SHUVRQ��!����������ILUVWBQDPH������� �ODVWBQDPH��������WLWOH����
�!�>),567B1$0(��ILUVWBQDPH��/$67B1$0(��ODVWBQDPH�

7,7/(��WLWOH�9$5,$17��YDULDQW@�
ZKHUH��YDULDQW  �^�&RQF��WLWOH��ODVWBQDPH����ODVWBQDPH�`
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63UR87�� ,'(
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63UR87�� ,'(
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63UR87�'HYHORSPHQW (QYLURQPHQW
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63UR87�± ,PSOHPHQWDWLRQ�	�$YDLODELOLW\

Æ ,PSOHPHQWDWLRQ

� &RUH�&RPSRQHQWV�

� )60�7RRONLW��&����-$9$�$3,V�

� -7)6��-$9$

� ;0/�EDVHG�*HQHUDO�3XUSRVH�5HJXODU�&RPSLOHU� -$9$��&��

� /LQJXLVWLF�3URFHVVLQJ�&RPSRQHQWV��-$9$

� ,QWHJUDWHG�'HYHORSPHQW�(QYLURQPHQW���-$9$

Æ $YDLODELOLW\

� ,'(���&RUH�&RPSRQHQWV��:LQGRZV��/LQX[

� -$9$�$3,V IRU�LQWHJUDWLRQ�LQ�RWKHU�IUDPHZRUNV

� )UHHZDUH�"
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63UR87�± $SSOLFDWLRQV

Æ ,QGXVWULDO�SURMHFWV

� &&$�± &XVWRPHU�&DUH�$XWRPDWLRQ��7HOHNRP�

4�$�6\VWHP�ZLWK�GLDORJ�IDFLOLWLHV�IRU�WHOHFRPPXQLFDWLRQ�

GRPDLQ

� $*52�6HUYHU��&HOL�6�5�/��

0RQLWRULQJ�DQG�0LQLQJ�&XVWRPHU�2ULHQWDWLRQ

KWWS���ZZZ�FHOL�LW

Æ ,QWHUQDO�SURMHFWV

� ([WUDOLQN

,QIRUPDWLRQ�6\VWHP�FRPELQLQJ�,QIRUPDWLRQ�([WUDFWLRQ�DQG�

+\SHUOLQNLQJ

IRU�7RXULVWLF�GRPDLQ
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63UR87�± $SSOLFDWLRQV

Æ (8�IXQGHG�SURMHFWV

� $,5)25&(��$,5�)25H&DVW LQ�(XURSH�

7RROV�IRU�IRU�IRUHFDVWLQJ�DLU�WUDIILF�LQ�(XURSH

� 0(03+,6��0XOWLOLQJXDO�&RQWHQW�IRU�)OH[LEOH�)RUPDW�,QWHUQHW�

3UHPLXP�6HUYLFHV�

3ODWIRUP�IRU�FURVV�OLQJXDO�SUHPLXP�FRQWHQW�VHUYLFHV�IRU�WKLQ�

FOLHQWV

KWWS���ZZZ�LVW�PHPSKLV�RUJ�

� '((3�7+28*+7

+\EULG�V\VWHP�FRPELQLQJ�VKDOORZ�DQG�GHHS�PHWKRGV�IRU�

NQRZOHGJH

LQWHQVLYH�LQIRUPDWLRQ�H[WUDFWLRQ

KWWS���ZZZ�HXULFH�GH�GHHSWKRXJKW�
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Combining Deep and Shallow NLPCombining Deep and Shallow NLP
for IEfor IE
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Isn‘t SNLP enough?Isn‘t SNLP enough?
•• Many simple NL tasks only need SNLPMany simple NL tasks only need SNLP

•• E.g., text clustering, Named Entity recognition, term extractionE.g., text clustering, Named Entity recognition, term extraction, , 
binary relation extractionbinary relation extraction

•• Information extraction: 60% fInformation extraction: 60% f--measure barrier in case of scenario measure barrier in case of scenario 
template extraction (e.g., template extraction (e.g., PDQDJHPHQW�VXFFHVVLRQ���PDQDJHPHQW�VXFFHVVLRQ���Complex Complex 
phenomena:phenomena:
•• Grammatical function/deep case recognitionGrammatical function/deep case recognition
•• Free word orderFree word order in Germanin German
•• Multiple sentencesMultiple sentences
•• Reference resolutionReference resolution for template mergingfor template merging

•• ContentContent--oriented Weboriented Web--services/Semantic Webservices/Semantic Web
•• More precise structural extraction neededMore precise structural extraction needed
•• E.g., ontology extraction, question/answering systemsE.g., ontology extraction, question/answering systems

•• Shallow systems are getting deeper, requesting more and more Shallow systems are getting deeper, requesting more and more 
accurate linguistic information accurate linguistic information 
•• integration of deep NL componentsintegration of deep NL components
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Possible Integration ScenarioPossible Integration Scenario

•• Run SNLP and DNLP in Run SNLP and DNLP in 
parallelparallel

•• prefer results from DNLPprefer results from DNLP

•• Problem: Problem: differendifferentt processing processing 
speedspeed whenwhen processing largeprocessing large
quantities of textquantities of text::

•• PrecisionPrecision: slowest component : slowest component 
⇒⇒ effects overall speedeffects overall speed

•• SpeedSpeed: : overall precisionoverall precision hardlyhardly
distinguishable from shallowdistinguishable from shallow--
onlyonly systemsystem
⇒⇒ DNLPDNLP always time outalways time out

The parallel approach
❏ ,QWHJUDWHG��IOH[LEOH�DUFKLWHFWXUH�

ZKHUH FRPSRQHQWV�FDQ�SOD\�DW�WKHLU�

VWUHQJWKV

❏ &DOO�'1/3�RQ�UHVXOWV�RI�61/3�

� 5HVXOWV�IURP 61/3 XVHG WR�

LGHQWLI\�UHOHYDQW�FDQGLGDWHV�IRU�

RQ�GHPDQG XVH�RI�'1/3 �GRPDLQ�

VSHFLILF�FULWHULD�

� 5REXVWQHVV KDQGOHG�E\ 61/3 WR�

LQFUHDVH�WKH�FRYHUDJH�RI�'1/3

� 8VH�61/3�WR�JXLGH�'1/3 WRZDUGV�

WKH�PRVW�OLNHO\�V\QWDFWLF�DQDO\VLV

OHDGLQJ WR�LPSURYHG VSHHG�XS

The Whiteboard approach
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Combining the Best of the Two Worlds for IECombining the Best of the Two Worlds for IE

�� uutilitilizazationtion of SNLP as primary linguistic resources of SNLP as primary linguistic resources forfor
•• robustness, efficiency and domainrobustness, efficiency and domain--specific interpretation of local specific interpretation of local 

relationshipsrelationships

�� integration of DNLP, if the analysis exists and it is relevant, integration of DNLP, if the analysis exists and it is relevant, 
for extractingfor extracting
•• relationships embedded in complex linguistic constructions,e.g.relationships embedded in complex linguistic constructions,e.g., free , free 

word order, long distance dependencies, control and raising, or word order, long distance dependencies, control and raising, or 
passivepassive

�� combination of finitecombination of finite--state technology with unificationstate technology with unification--based based 
formalism for formalism for 
•• definition of template filling rules, scenario templates and temdefinition of template filling rules, scenario templates and template plate 

elementselements
•• using unification and using unification and subsumptionsubsumption check as basic operations for check as basic operations for 

template mergingtemplate merging
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After the After the retirement of Peter Smithretirement of Peter Smith, , 

Mary Hopp was persuaded to Mary Hopp was persuaded to take overtake over the development the development 
sector.sector.

shallow:  retirement of        PN            [Person_Out        shallow:  retirement of        PN            [Person_Out        ] ] 

deep:  deep:  

A Simple ExampleA Simple Example

1 1

Pred „take over“
Agent „Mary Hopp“
Theme „development sector“

2

3

Person_In

Sector

2

3
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HeadHead--Driven Pharse Structure Grammar Driven Pharse Structure Grammar 
(HPSG)(HPSG)

•• A constraintA constraint--based, lexicalist approach to grammatical based, lexicalist approach to grammatical 
theorytheory

•• Model languages as systems of constraintsModel languages as systems of constraints

•• Linguistic units and their relations are expressed by Linguistic units and their relations are expressed by 
typed feature structurestyped feature structures

•• No transformations for unbounded dependenciesNo transformations for unbounded dependencies

•• Multiple inheritance hierarchies for lexicon organizationMultiple inheritance hierarchies for lexicon organization

•• More information seeMore information see
•• http://lingo.stanford.edu/erg.htmlhttp://lingo.stanford.edu/erg.html
•• http://www.http://www.colicoli..uniuni--sbsb.de/%7Ehansu/courses/.de/%7Ehansu/courses/hpsghpsg_arch.html_arch.html

•• http://www.http://www.colicoli..uniuni--sbsb.de/%7Ehansu/.de/%7Ehansu/psfilespsfiles//hpsghpsg..psps
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A Phrase Structure ExampleA Phrase Structure Example
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HPSGHPSG
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WHIE: A Hybrid IE ApproachWHIE: A Hybrid IE Approach

•• hybrid information extraction architecture built on hybrid information extraction architecture built on 
top of Whiteboard Annotation Machine (WHAM)top of Whiteboard Annotation Machine (WHAM)

•• domain modeling for hybrid architecturedomain modeling for hybrid architecture
•• semisemi--automatic construction of template filling rulesautomatic construction of template filling rules
•• heuristics for domain/relevanceheuristics for domain/relevance--driven access to driven access to 

different levels of WHAMdifferent levels of WHAM

•• evaluationevaluation
•• hybrid approachhybrid approach

•• improvement after integration of deepimprovement after integration of deep NLPNLP



Course: Intelligent Information Extraction

Neumann & Xu Esslli Summer School 2004

,QWHJUDWLRQ�RI�6KDOORZ�DQG�'HHS�$QDO\VLV,QWHJUDWLRQ�RI�6KDOORZ�DQG�'HHS�$QDO\VLV

*RDO�RI�LQWHJUDWHG�µK\EULG¶�V\QWDFWLF�SURFHVVLQJ

¾ 5REXVWQHVV�DQG�HIILFLHQF\ of shallow analysis

¾ 3UHFLVLRQ�DQG�ILQH�JUDLQHGQHVV of deep syntactic analysis

/H[LFDO�,QWHJUDWLRQ/H[LFDO�,QWHJUDWLRQ

•• SPPCSPPC--HPSG interfaceHPSG interface:   building HPSG lexicon entries “on the fly”:   building HPSG lexicon entries “on the fly”
–– Named entities, open class categories (nouns, adjectives, adverbNamed entities, open class categories (nouns, adjectives, adverbs, ..)s, ..)

•• HPSGHPSG--GermaNetGermaNet integrationintegration (Siegel, (Siegel, XuXu, Neumann 2001), Neumann 2001)
–– association with HPSG lexical sortsassociation with HPSG lexical sorts

¾¾ FRYHUDJH�DQG�UREXVWQHVVFRYHUDJH�DQG�UREXVWQHVV

3KUDVDO�LQWHJUDWLRQ�IRU�µK\EULG¶�V\QWDFWLF�SURFHVVLQJ3KUDVDO�LQWHJUDWLRQ�IRU�µK\EULG¶�V\QWDFWLF�SURFHVVLQJ

•• Robust, Robust, ststochasticochastic topological field parsing  topological field parsing  
•• Integration of Integration of shallow shallow topological and deep syntactictopological and deep syntactic parsingparsing

¾¾ HIILFLHQF\�DQG�UREXVWQHVVHIILFLHQF\�DQG�UREXVWQHVV
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,QWHJUDWLRQ�RI�6KDOORZ�DQG�'HHS�$QDO\VLV,QWHJUDWLRQ�RI�6KDOORZ�DQG�'HHS�$QDO\VLV
—— Problems and SolutionsProblems and Solutions ——

,QWHJUDWHG�RI�VKDOORZ�DQG�GHHS�SDUVLQJ,QWHJUDWHG�RI�VKDOORZ�DQG�GHHS�SDUVLQJ

¾¾ Guiding deep analysis by shallow (chunkGuiding deep analysis by shallow (chunk--based) prebased) pre--partitioning partitioning 

¾¾ Interleaved (hybrid) shallow/deep processingInterleaved (hybrid) shallow/deep processing

7KH�GHHS�VKDOORZ�PDSSLQJ�SUREOHP7KH�GHHS�VKDOORZ�PDSSLQJ�SUREOHP

•• Chunk parsing not isomorphic to deep syntactic Chunk parsing not isomorphic to deep syntactic 
structure („attachments“)structure („attachments“)



Course: Intelligent Information Extraction

Neumann & Xu Esslli Summer School 2004

Template Extraction SystemTemplate Extraction System
((Xu Xu & Krieger, 2003)& Krieger, 2003)

WHAM

Sentential 
Template Merging

Discourse
Template Merging

Template
Merging

Rules

Type Hierarchy

Subsumption 
Check

and
Unification

Shallow TF
(SProUT)

Pattern-Based
TF Rules

Chunks

Deep TF

PredArg-Based 
TF RulesPredArgs
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Typed Feature Structure (TFS) for IE taskTyped Feature Structure (TFS) for IE task

•• $V�D�IRUPDO�ODQJXDJH�IRU�WKH�PRGHOLQJ�RI�WKH�GRPDLQ�$V�D�IRUPDO�ODQJXDJH�IRU�WKH�PRGHOLQJ�RI�WKH�GRPDLQ�

YRFDEXODU\�DQG�WKHLU�UHODWLRQV�LQ�WKH�W\SHG�KLHUDUFK\YRFDEXODU\�DQG�WKHLU�UHODWLRQV�LQ�WKH�W\SHG�KLHUDUFK\

Template elementsTemplate elements
Scenario templates Scenario templates 
Linguistic units Linguistic units 
Domain Domain ontologies ontologies 
Rules for template filling and template mergingRules for template filling and template merging

•• '\QDPLF�RQOLQH�FRQVWUXFWLRQ�RI�WHPSODWHV�'\QDPLF�RQOLQH�FRQVWUXFWLRQ�RI�WHPSODWHV�

•• 7)6�XQLILHU�VXSSRUWV�7)6�XQLILHU�VXSSRUWV�ZHOOIRUPHG�ZHOOIRUPHG�XQLILFDWLRQ�RI��XQLILFDWLRQ�RI��7)6V7)6V
DQG�DQG�VXEVXPSWLRQ�VXEVXPSWLRQ�FKHFNFKHFN



Course: Intelligent Information Extraction

Neumann & Xu Esslli Summer School 2004

Template filling with deep and shallow analysis Template filling with deep and shallow analysis 
(Example)(Example)

,QWHUDFWLRQ�RI��SDVVLYH��FRQWURO�DQG�PXOWLSOH�QDPHG�HQWLWLHV�,QWHUDFWLRQ�RI��SDVVLYH��FRQWURO�DQG�PXOWLSOH�QDPHG�HQWLWLHV�

%HFDXVH�RI�WKH�UHWLUHPHQW�YRQ�3HWHU�0�OOHU��

+DQV�%HFNHU�ZDV�SHUVXDGHG�WR�WDNH�RYHU�WKH�GHYHORSPHQW�VHFWRU�

UHWLUHPHQW�YRQ����31 32

3(5621B287��´3HWHU�0�OOHUµ

'HHS�7)�5XOH

3(5621B,1
',9,6,21

'((3
35(' ´WDNH�RYHUµ
$*(17 ´+DQV�%HFNHUµ
7+(0( ´GHYHORSPHQW

VHFWRU�µ

1

2

1

2

11

3(5621B,1 ´+DQV�%HFNHUµ
',9,6,21 ´GHYHORSPHQW

VHFWRUµ
25*$1,6$7,21
326,7,21

´3HWHU�0�OOHUµ3(5621B287��

3DWWHUQ�EDVHG�7)�UXOH��6KDOORZ�7)�
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SemiSemi--Automatic Construction of Template Automatic Construction of Template 
Filling RulesFilling Rules

�� learning relevant terms (learning relevant terms (XuXu et al. 2002)et al. 2002)
−− a a KKFIDF termFIDF term--classification classification methomethodd
−− verbverb--noun collocationsnoun collocations

�� adaptation of relevant terms to hybrid architectureadaptation of relevant terms to hybrid architecture
−− 6KDOORZ6KDOORZ: adjectives and nouns as triggers for pattern: adjectives and nouns as triggers for pattern--based template based template 

filling rules, e.g.,filling rules, e.g.,

TheThe previousprevious president of car supplier president of car supplier KolbenschmidtKolbenschmidt, Heinrich Binder, Heinrich Binder

SuccessorSuccessor of the officeholder Hans of the officeholder Hans Guenter MerkGuenter Merk

−− 'HHS'HHS: verbs as triggers for : verbs as triggers for lexicalizedlexicalized unificationunification--based template based template 
filling rules, e.g.,filling rules, e.g.,

General manager General manager Eugen KrammerEugen Krammer (59), …, will (59), …, will resign resign from his office on May 31. from his office on May 31. 
19971997

Ö if a domain is dominated by relevant verbs, it is helpful to integrate 
DNLP

Ö domains can be characterized by the distribution of terms with respect 
to POSs
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SingleSingle--Word Term ExtractionWord Term Extraction

a specific TFIDF measure: KFIDFa specific TFIDF measure: KFIDF

a word is relevant if it occurs more frequently than other wordsa word is relevant if it occurs more frequently than other words

in a certain category and rarely in other categories.in a certain category and rarely in other categories.

)1
)(

(),(),( +
×

×=
ZFDWV

FDWVQ
/2*FDWZGRFVFDWZ.),')

GRFV�Z��FDW� = number of documents in the category FDW containing 
the word Z

Q = smoothing factor
FDWV�Z� = the number of categories FDWV in which the word Z

occurs

�$�VLPLODU�PHDVXUH�LV�DOVR�XVHG�LQ�>%XLWHODDU�	�6DFDOHDQX ����@�
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Term ClassificationTerm Classification
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ExperimentExperiment

•• Input: classified documentsInput: classified documents

•• Domains: stock market, management Domains: stock market, management 

succession and narcoticssuccession and narcotics
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Stock MarketStock Market

� PRVW�UHOHYDQW�WHUPV�DUH�QRXQV

$NWLHQE|UVH������������ [stock-exchange]
9HUlQGHUXQJ����������� [change]
*HZLQQHU����������� [winner]
9HUOLHUHU���������� [loser]
+RFKWLHI��������� [up and down]
7LHI��������� [deep]
&DUERQ��������� [carbon]
$NWLH���������� [stocks]
.XUV ��������� [stock price]
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Management SuccessionManagement Succession

EHUXIHQ��������� [appoint to]
ZlKOHQ���������� [choose]
�EHUQHKPHQ��������� [accept]
EHVWHOOHQ��������� [nominate]
YHUODVVHQ���������� [leave]
ZHFKVHOQ��������� [change]
DXVVFKHLGHQ���������� [resign]
QDFKIROJHQ���������� [succeed]
]XU�FNWUHWHQ���������� [resign]
DQWUHWHQ �������� [assume office]

� PRVW�UHOHYDQW�WHUPV�DUH�YHUEV
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Learning  Relevant Verb Noun CollocationsLearning  Relevant Verb Noun Collocations

� *HUPDQ��IUHH�ZRUG�RUGHU

Ö not sufficient to take into account only bigrams, trigrams,  e.g., the word 
order between verbs and nouns is not fixed and very often discontinuous

Ö consider all possible term pairs in a sentence ignoring the linear order
- verb noun
- adjective noun
- noun noun

� XVLQJ�GLIIHUHQW�DVVRFLDWLRQ�PHDVXUHV��(YHUW 	�.UHQQ�������

Ö mutual information (Church & Hanks, 1989)

ÖT-test (Daille, 1996)

Ö Log-Likelihood (Manning & Schütze, 1999)

� YHUE�QRXQ�FROORFDWLRQV

5XKHVWDQG�[retirement], WUHWHQ�[step]

/HLWXQJ�[leadership], �EHUQHKPHQ�[take over]
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Integrating DNLP on DemandIntegrating DNLP on Demand

If a sentence contains relevant verbs and verb-
noun collocations in addition to other terms, the 
sentence should be passed to DNLP,

otherwise, SNLP will be sufficient�
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Evaluation of Template ExtractionEvaluation of Template Extraction

•• both at sentential levelboth at sentential level
•• proof of proof of 

•• usefulness of hybrid architectureusefulness of hybrid architecture
•• how much improvement deep NLP helps to achievehow much improvement deep NLP helps to achieve
•• whether domain modeling gives right predication whether domain modeling gives right predication 
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Evaluation at Sentential Level: Evaluation at Sentential Level: 
CorpusCorpus

•• construction of an evaluation corpus based on the construction of an evaluation corpus based on the 
following criterionfollowing criterion

Ö the more relevant verbs and nouns a sentence contains, the more relevant 
is the sentence in this domain. 

�517OJ��11�597OJ��1956
19

�L

11

�M
ML∑ ∑+∗++∗=

= =
where 19�> � and 11�> �.

56: relevance of a sentence
19: number of relevant verbs in a sentence
11: number of relevant nouns in a sentence
597L: the relevance of a verb term i occurring in the sentence
517M: the relevance of a noun term j occurring in the sentence

•• selection of 50 top relevant sentences in management selection of 50 top relevant sentences in management 
succession domainsuccession domain
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Annotation (manual)Annotation (manual)

� partially filled templates based on shallow and deep template filling 
rules
� construction of an idealized case, which is not affected by the
performance of the current system

Dr. Heinz Neckar ... 
appointed ... manager 
of …, as successor of 
Dr. Herbert Ehrlich, 
retired.

<sentence id=1>
�VKDOORZ!

<template name=”management_succession”>
<slot name=”person_out”>'U��+HUEHUW�(KUOLFK </slot>

</template>
��VKDOORZ!

�GHHS!

<template name=”management_succession”>
<slot name=”person_in”>'U��+HLQ]�1HFNDU </slot>

</template>
<template name=”management_succession”>

<slot name=”person_out”>'U� +HUEHUW�(KUOLFK </slot>
</template>

��GHHS!

</sentence>



Course: Intelligent Information Extraction

Neumann & Xu Esslli Summer School 2004

Evaluation at Sentential Level: ScenariosEvaluation at Sentential Level: Scenarios

•• applying sentential template merging toapplying sentential template merging to
•• shallow templates only shallow templates only 
•• deep templates onlydeep templates only
•• fusion offusion of shallow and deep templatesshallow and deep templates
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Evaluation ResultsEvaluation Results

6KDOORZ� 'HHS� XQLRQ�6KDOORZ��'HHS��
FRYHUDJH� UHFDOO� FRYHUDJH� UHFDOO� FRYHUDJH� UHFDOO�

0.56 0.31 0.94 0.68 0.96 0.92 
 

coverage= the percentage of sentences, to which the template filler rules can be 
applied
precision=1.0 (manual annotation) 

¾ verbs play a more important role than nouns and adjectives in management

succession domain ⇒ domain modeling

¾ information extracted by shallow and deep template filling rules is 

complementary to each other in most cases ⇒ hybrid architecture
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Additional Important IssuesAdditional Important Issues

•• Build rich and robust semantic representation Build rich and robust semantic representation 
for IEfor IE

•• Domain specific discourse analysis for Domain specific discourse analysis for 
template mergingtemplate merging

•• Anaphora resolutionAnaphora resolution

•• Ontology inferenceOntology inference

•• Evaluation Evaluation 


